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Motivation System Overview

Online Starting Point

A Aim atRGBD SLAM for object scanning.

A Input: An RGED stream.

A Output: foregroundmasks and camera

poses of the extractekkeyframes

A Use silhouettes to improve pose estimation.
A Silhouettes are difficult to obtain in practice.
Make It practical by generating silhouettes-on
the-fly.

Variables

T ={T;}, A locaito-world camera pose.
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Detalled definitions:
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A Optimize w.rt. T by Gaussewton Method.

q =m;(T; ' Tir;  (p, Di(p)))

A Optimize w.rt.s,0 by Multiview Graph Cut. Q,: Pixels with depths in view
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